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RATIONALE

] Personalized Medicine with Al: RWE and Al are vital for personalized medicine, optimizing treatments and preventing LET'S CONNECT
adverse events by revealing hidden data patterns.

(] Data Quality is Paramount: The success of clinical Al depends heavily on RWE data quality, which is often unstructured
and requires significant manual curation.
] Reponsible Al: Al prognostic models should be fair, transparent, useful for clinical practice and law-compliant

DESIGN

1. S-RACE Platform - Architecture 3. S-RACE Platform - Collaborative Environment
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2. S-RACE Platform - Governance Model
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IMPLEMENTATION

S-RACE Digital health platform: Explainable & Responsible Al JEEE R UL R

Total number of unique patients on S-RACE Platform is 21.276

Number of patients by project

476 (1.5%)

Model overview and fairness assessment, how model's
2532 (7.9%) . predictions affect diverse groups of people. (Fairlearn)
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Error analysis, to view and understand how errors are
A Error Analysis

EconML . . . .
.' distributed in the dataset. (Error analysis)
Total number of patients on S-RACE Platform is 31.276 Total number of patients on S-RACE Platform is 31.276

Counterfactual what-if, to observe how feature

This dashboard focuses on the 6 ML studies present of the Platform out of 19 in general This dashboard focuses on 6 imaging studies present of the Platform out of 19 in general
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Recap of Submitted Variables

Parameter

Domains

Anamnesis Platelets count

Primary kidney tumor largest dimension

Anamnesis Hemoglobin

Age

ECOG Performance status

Anamnesis eGFR

Anamnesis Lymphadenopathy

Anamnesis BMI

SHAP Explanation

Patient Risk Group

40

f(x) = 0.903

False = Anamnesis Lymphadenopathy

Clinical Research
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This plot illustrates how each feature contributes to the patient's prediction. Starting from the
The patient is classified in the Favorable Risk group. expected value E[f(x)] (the average model prediction), the positive (red) and negative (blue)
contributions of each feature adjust the value to reach the final model output f(x) for this patient.
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